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INTRODUCTION

Publicly disclosed stock trades by American congresspeople are commonly interpreted as price signals. We assembled a complex dataset of public records and a
custom Temporal Graph Network (TGN) architecture to extract insights from trades and the robust corporate-political contexts in which they occur.
Because standard models typically discard interactions during the unresolved gap between a trade and its performance outcome, GAP-TGN is designed to maintain a
fresh information state by processing interactions throughout the label resolution gap.
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We integrated political and corporate records into a temporal graph mapping congresspeople to companies, in three experimental stages.

GAP-TGN ARCHITECTURE

METHODOLOGY AND
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