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performance deteriorates rapidly

Jin-Chuan Duan, Jie Sun, and Tao Wang. Multiperiod Corporate Default PredictionA forward Intensity Ap- proach. Journal of Econometrics, 170(1)(1):191–209, 2012.  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Neural Parametric Family Learning
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Dataset
NUS Credit Research Initiative (CRI)

Dates: January 1990 - December 2017 

Data: 1.5 M monthly samples of US public companies

Covariates: 14, 2 common and 10 firm-specific covariates 
Events: 0 (alive), 1 (default), 2 (other exit)

Prediction horizons: 60 months



Experiment 

Cross-time 

1

2

13

…

1990 - 1999 2000

1991 - 2000 2001

2002 - 2011 2012

Train Test

Cross-sectional: randomly split data into 13 folds 

Two types



Metrics 

Accuracy ratio (AR, %)

RMSNE
1
T

T

∑
i=1

(
D̂i − Di

Di
)2

AR =
Area above CAP curve
Area under CAP curve

D̂i
Di

Estimated default occurrences (monthly)

Default occurrences (monthly)

Order

Value
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Results 
48-month prediction horizon



Conclusion

Multiperiod  
default prediction

Real world  
practical scenarios

A term structure of monotonically increasing CDP

Default occurrences 

Outperform the SOTA



Thank you


